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Since its democratic dispensation in 1994, the South African government enacted a number of 
legislative and policy interventions aimed at availing equal housing opportunities to the previously 
marginalized citizens. Mismanagement and unreliable reporting has been widely reported in publicly 
funded housing programmes which necessitated the government to audit and monitor housing 
development projects in municipalities using more robust and independent methodologies. The 
objective of this study was therefore to test and demonstrate the effectiveness of high spatial 
resolution satellite imagery in validating the presence of government funded houses using an object-
oriented classification technique that applies a Canny edge detection filter. The results of this study 
demonstrate that object-orientated classification applied on pan-sharpened SPOT 6 satellite imagery 
can be used to conduct a reliable inventory and validate the number of houses. The application of the 
multi-resolution segmentation and Canny edge detection filtering technique proved to be an effective 
means of mapping individual houses as shown by the high detection accuracy of 99% and quality 
percentage of 96%. 
Keywords: Houses, Remote Sensing, SPOT 6, Canny edge detection, Multi-resolution 
Segmentation, Object-Oriented Classification 
 
1. Introduction 
Provision of state-subsidized housing to low income and marginalized citizens has longstanding 
been a key priority area of most governments worldwide (Abbott, 2002; Huchzermeyer, 2003; Kenna, 
2005). Since its democratic dispensation in 1994, the South African government enacted a number of 
legislative and policy interventions aimed at availing equal housing opportunities to the previously 
marginalized citizens (Wilkinson, 1998; Huchzermeyer, 2001). Prominent housing policies and 
legislations implemented by the government include the Housing Act of 1997, the 1994 White Paper 
on Housing and the Urban and Rural Act. These legislative and policy prescripts were implemented 
through publicly funded programmes to accelerate the construction of low income houses across the 
country (Del Mistro and Hensher, 2009). In 2005, the Comprehensive Plan for Sustainable Human 
Settlement programme was launched to the accelerate the delivery of low cost houses with a specific 
thrust on quality and housing environments by integrating communities and settlements. To date, 
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more than 10 programmes have been implemented in government to address the housing crisis in 
South Africa and these include the Informal Settlements Upgrading Programme, Integrated 
Residential Development Programme and the Rural Housing Programme (Abbott, 2002; Charlton 
and Kihato, 2006; Graham, 2006; Huchzermeyer, 2009). However, the number of government 
subsidised houses built under these programmes are usually estimated and inconsistent (Tissington, 
et al., 2013). This creates a need to explore other ways of gathering information on the number of 
houses built at different projects areas. Information of the number of houses built is required to 
support planning of services such as electrification, water, and sanitation and health. 
Satellite-based remote sensing is considered as one of the most optimal approaches to provide 
systematic collection of human settlements spatial information (Jensen and Cowen, 1999; Herold, 
2009; Gamba and Herold, 2010). The proliferation of high to very high spatial resolution satellite 
sensors such as Worldview-2, Pleiades, SPOT 6&7 and the advent of advanced image classification 
algorithms are increasingly making it feasible to extract buildings and inventory housing units with 
higher accuracy. Traditionally, the building boundaries are delineated through manual digitization 
from digital images, however this process is time-consuming and resource-intensive. Research on the 
automation of building extraction has been an area of interest in computer vision in the past decades 
to improve the availability of urban maps which are required for many urban applications including 
urban planning and infrastructure development (Shyu, et al., 2005; Zhao, et al., 2013; Bhadauria, et 
al., 2013). 
Many algorithms to extract buildings from high spatial resolution satellite imagery have been 
explored in literature with varying success rates. Some of the most commonly used algorithms include 
edge detection, feature optimization, linking edge chain, line extraction, graph matching algorithms, 
and building construction from primitive features. Significant success have been achieved in 
extracting building through the integrated use of image classification techniques and a Digital Surface 
Model (DSM) extracted from stereo imagery and Light Detection And Ranging (LiDAR) data. Many 
studies indicate the significance of surface elevation in building extraction (Alharthy and Bethel, 
2002; Xu, et al., 2010; Shaker, et al., 2011). Xu et al. (2010) highlighted that LiDAR point clouds 
are valuable in improving the accuracy of building extraction. A number of studies have also 
attempted to use either interferometric and radargrammetric Synthetic Aperture Radar (SAR) to map 
urban areas with varying degrees of success (Bolter and Leberl, 2000; Gamba, et al., 2000; Simonetto, 
et al., 2001).  
Edges are important features in an image for many remote sensing applications including image 
segmentation, object recognition and building extraction. Edge detection techniques examines the 
local discontinuity of pixels within an image to find sharp contrast intensities (Bhadauria, et al., 
2013). Commonly used edge detection techniques include Sobel, Canny, Prewitt and Roberts. 
Comparison of the effectiveness of these four techniques shows Canny as optimal edge detection 
algorithm (Bhadauria, et al., 2013; Katiyar and Arun, 2014). Canny edge detection algorithm uses a 
multi-stage approach to detect edges in an image which enable the detection of true edges than other 
edge detection algorithms (Shin, et al., 2001). Several studies explored the use of edge detection 
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techniques to extract building structures and achieved highly accurate results (Bhadauria, et al., 2013, 
Benarchid, et al., 2013; Zhao, et al., 2013).  
Whereas the South African government achieved considerable success in the provision of state 
subsidized low income housing, the government housing programmes has been riddled with severe 
challenges resulting in a slow delivery rate (Huchzermeyer, 2009). The uncontrolled proliferation of 
informal settlements for instance continues to strain government’s initiative to eradicate them through 
the provision of low cost housing to the economically deprived citizens. Mismanagement of public 
housing funds has also been widely reported among some of the challenges impeding the planned 
delivery of low cost houses (Cross, 1999; Huchzermeyer, 2001; Burgoyne, 2008; Lizarralde and 
Massyn, 2008). These problems elicited the government to meritoriously audit and monitor low cost 
housing development projects in municipalities using more robust and independent methodologies. 
The objective of this study was therefore to test and demonstrate the effectiveness of high resolution 
satellite imagery in validating the presence of low cost houses using an object oriented classification 
technique that applies a Canny edge detection filter.  
 
2. Study area and methods  
 
2.1. Study area 
The study area is located in Freedom Park in Bojanala District Municipality in the northern fringes 
of Rustenburg city in North-West Province, South Africa, see Figure 1.  
 
Figure 1. Location map of the study area, North West province, South Africa and a pan-sharpened 
SPOT 6 image of Freedom Park Phase 2 development project. 
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The study area forms part of Freedom Park Phase 2 human settlement development project, covers 
1.2km² and is located at 25°33′ S latitude and 27°13′ E longitude. This development project is a 
greenfield project located on the north-western side of Freedom Park informal settlement. In 2005, 
the government initiated this low cost housing project as part of the Informal Settlements Upgrading 
Programme (ISUP) that was aimed at providing state subsidized houses to the marginalized residents 
of Freedom Park informal settlement. Mosiane (2011) noted that Rustenburg provides a rich context 
for assessing the transformation of socioeconomic activities and urban policy in South Africa. 
Freedom Park provides a classical example of how the South African government is transforming 
informal settlements into formal suburban through the ISUP. This study area has single storey free-
standing houses of at least 40m2 area developed by the government and a mining company operating 
next to Freedom Park informal settlement. The biggest house size in the study area is about 90m2. 
 
2.2. Methods 
We used orthorectified SPOT 6 multispectral and panchromatic imagery captured on 05 April 
2013. Launched on 9 September 2012, SPOT 6 satellite provide imagery in multispectral (Blue (450 
– 525nm), Green (530 – 590nm), Red (625 – 695nm) and Near-Infrared (760 – 890nm)) bands at a 
spatial resolution of 6m and Panchromatic (450 – 745nm) band at a 1.5m spatial resolution. For 
accuracy assessment, we used 25cm spatial resolution aerial photography acquired in 2010. The 
workflow used in this study is shown on Figure 2. This approach consisted of pan-sharpening, edge 
detection, image segmentation, building extraction and quality assurance.  
 
Figure 2. Flowchart of the proposed methodology to extract government subsidised houses 
 Pan-sharpening processing increases the spatial resolution of multispectral image bands and has 
proven to improve image segmentation results (Johnson, et al., 2012; Sarp, 2014). To pan-sharpen 
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the imagery, high spatial resolution panchromatic 1.5m spectral band was fused with the 6m lower 
resolution multispectral bands to produce a higher resolution pan-sharpened image. Brovey 
Transformation was selected for pan-sharpening due its ability to retain the spatial and spectral details 
required for the extraction of houses. Elher et al. (2010) compared  advanced pan-sharpening 
algorithms such as normalisation spectral sharpening (CN), Gram Schmidt fusion, modified intensity-
hue-saturation (IHS) fusion, Ehlers fusion, University of New Brunswick (UNB) fusion, Wavelet-
based fusion, Proportional Additive Wavelet fusion (AWLP), traditional Brovey Transformation and 
Principal Components (PC) fusion techniques and concluded that traditional Brovey Transformation 
algorithm provided the best structural and spatial improvement results. The Brovey Transformation 
algorithm applies a combination of arithmetic operations whereby each spectral band is first divided 
by the sum of the chosen bands and then multiplied with the panchromatic image (Hallada and Cox, 
1983; Ehlers, et al., 2010).  
Edge detection is an important step in image processing applications such as feature extraction or 
object segmentation (Vijayarani and Vinupriya, 2013). Canny edge detection algorithm was used to 
detect edges in the image using eCognition software. During Canny edge detection, the image is 
smoothened to reduce noise, gradient magnitude and direction of each pixel is computed and two 
thresholds are applied in the image to find strong and weak edges. Once detected, edges that are not 
connected to a strong edge are suppressed through a “hysteresis”, resulting in more accurate edges 
(Canny, 1986.). Canny edge detection algorithm has been proven to detect accurate building edges 
from high resolution imagery than other edge detection algorithms, (Bhadauria, et al., 2013; Katiyar 
and Arun, 2014; Singhal and Radhika, 2014). To achieve accurate edges, Canny edge detection was 
applied to the Red band of the pan-sharpened image, both the lower and higher thresholds were set 
zero and Gauss convolution FWHM was set to 1. 
Multi-resolution segmentation was used to create image objects that delineate houses in the pan-
sharpened image using Trimble’s eCognition software. Multi-resolution segmentation is a multiscale 
segmentation algorithm that is able to delineate high quality meaningful objects such as houses from 
satellite imagery (Nikfar, et al., 2012). This segmentation approach uses a bottom-up region merging 
procedure that amalgamates individual pixels into bigger segments at multiple levels in an iterative 
process using scale, shape and compact parameters (Baatz and Schäpe, 2000; Tian and Chen, 2007; 
Duro, et al., 2012; Witharana and Civco, 2014). We segmented the edge layer using a scale parameter 
of 15, shape and compactness homogeneity criteria of 0.3 and 0.5 respectively. The Red band was 
included during segmentation process and assigned weight value of 2 due to its capability to 
distinguish urban environments from other land cover features (Toll, et al., 1990).  
We separated building structures from non-built-up land cover types by thresholding edge outlines 
with a digital numbers greater than 0.2. The classification results were further improved using a 
threshold based ruleset that combines the mean Canny edge detection values and the Red band. 
Digital Numbers of Red band above 208 were used to classify the outstanding houses. The final step 
of the building extraction process was to smooth the boundaries and merge the image objects 
classified as building structures. 
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The quality evaluation of the results was done using statistical parameters defined by McGlone 
and Shufelt, (1994). The evaluation of the results was done at both pixel and object level throughout 
the study area. This statistical quality assurance method has been used to assess the quality of 
automated buildings extraction studies (Koc and Turker, 2010; Shaker, et al., 2011; Benarchid, et al., 
2013; Shufelt, 1996; Lee, et al., 2003). Reference building structures were manually digitized from 
aerial photographs acquired in 2010. The buildings extracted using the proposed automated approach 
were assessed against the manually delineated buildings. For the area level evaluation, parameters 
True Positives (TP), False Positives (FP), True Negatives (TN) and False Negatives (FN) were used 
to derive Detection Percentage (DP), Branching Factor (BF), Quality Percentage (QP) and Miss 
Factor (MF) metrics as defined by McGlone and Shufelt, (1994). These metrics were calculated using 
equations [1] to [4] below: 
 
 𝐷𝐷𝐷𝐷 = 100×𝑇𝑇𝑇𝑇
𝑇𝑇𝑇𝑇+𝑇𝑇𝑇𝑇
 [1] 
 𝐵𝐵𝐵𝐵 = 𝐹𝐹𝑇𝑇
𝑇𝑇𝑇𝑇
 [2] 
 𝑄𝑄𝐷𝐷 = 100×𝑇𝑇𝑇𝑇
𝑇𝑇𝑇𝑇+𝐹𝐹𝑇𝑇+𝐹𝐹𝑇𝑇
 [3] 
 𝑀𝑀𝐵𝐵 = 𝐹𝐹𝑇𝑇
𝑇𝑇𝑇𝑇
 [4] 
Object level assessment was done through evaluation of Correctness and Completeness metrics 
(Koc and Turker, 2010). These metrics were calculated using equations 5 and 6 below:  
 𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶 = 𝑇𝑇𝑇𝑇
𝑇𝑇𝑇𝑇+𝐹𝐹𝑇𝑇
 [5] 




3.  Results and discussion 
Canny edge detection algorithm applied on pan-sharpened SPOT 6 image was successful in 
detecting and distinguishing structural edges of different objects in the study area, as shown in Figure 
3 a. and b. The Canny edge detection results show that houses have stronger edges compared to other 
land use objects, however stronger edges were observed in areas where houses have a size bigger 
than 40m2 than in areas where houses have smaller sizes. The multi-resolution segmentation scale 
parameter of 40 was used during segmentation using Canny edge layer and pan-sharpened image 
bands was effective in creating individual house objects. 
South African Journal of Geomatics, Vol. 7. No. 3, November 2018 
274 
              
Figure 3. a. Satellite image and b. Canny edge detection filtered image showing the edges of the 
houses in white and segmented image objects in blue 
 Thresholding technique applied on Canny edge layer and the Red band was effective in classifying 
almost all the houses at the study area as shown in Figure 4.  
 
Figure 4.Pan-sharpened image and house extraction results 
    A total of 2038 object were classifies as houses. The accuracy assessment results show that 2015 
True Positives, 51 False Negatives and 23 False Positives were achieved. High accuracy results were 
attained at both area and object levels. At area level, detection and quality percentages of 98.87% and 
96.46% were obtained whereas at object level, we achieved completeness and correctness accuracies 
of 0.99 and 0.98 respectively, refer to Table 1. The quality assessment results are comparable to the 
a. b. 
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results achieved using advanced building detection approaches that used DSMs and very high 
resolution imagery (Shaker, et al., 2011; Yastikli and Uzar, 2013; Benarchid, et al., 2013).  
 
Table 1: Quality assurance results 









2015 51 23 98.87% 96.46% 0.01 0.03 0.99 0.98 
    While the applied methodology was successful in classifying houses with corrugated roof 
material, it achieved lower levels of accuracy in classifying houses with dark coloured roof tiles. This 
resulted in the misclassification of houses with dark coloured roof tiles and non-built-up area. There 
were few cases where houses and surrounding open areas or additional building structures next to the 
houses were merge into one segment due to similarity of their spectral responses which resulted in 
irregular house shape. The applied methodology was also unable to separate few smaller man-made 
objects such as vehicles from houses as they have strong structural edge properties. 
The study has shown the feasibility of Canny edge detection technique for classification of 
government subsidized houses using pan-sharpened SPOT 6 satellite imagery. The success of this 
methodology depends highly on multi-resolution segmentation parameters that produce image objects 
that represent houses. Once these parameters and classification thresholds are identified, it is possible 
to detect houses with minimum errors of commission and omission. Whereas appropriate thresholds 
to detect buildings were identified by evaluation of building edges, edges alone could not detect all 
the houses within the study area. This could be attributed to a number of factors such as varying house 
sizes and the proximity of building structures to land use and land cover features such as trees, roads, 
cars or bare ground which affect the outline of detected building structures. However, for the purpose 
of validating and inventory of houses, the outline of building structures did not affect the expected 
results. The proposed method produced reliable results which may be used to independently monitor 
government housing projects. The proposed methodology has significant cost advantages over 
methodologies that use commercial DSM, LiDAR or very high resolution imagery and could be 
considered as cheap and fast alternative method of verifying and quantifying government subsidised 
houses over a large areas. The implementation of such reliable remote sensing approaches in housing 
development projects may improve accountability in the delivery of low cost houses and reduce 
mismanagement of housing funds in South Africa. 
 
4.  Conclusion 
The results of this study demonstrate that Canny edge detection algorithm   applied on pan-
sharpened SPOT 6 satellite imagery can be used to perform a reliable inventory and validate the 
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number of houses constructed through publicly funded housing programmes in South Africa. The 
application of the multi-resolution segmentation and Canny edge detection filtering techniques 
proved to be an effective means of mapping individual houses as shown by the high detection 
accuracy of 99% and quality percentage of 96 %. This study also proves that satellite remote sensing 
techniques can be used to independently monitor developments in government public infrastructure 
programmes and could be used to support financial auditing processes. The approach demonstrated 
in this study provides alternative to manual digitizing and traditional field surveys to inventory 
housing units.  
 
5. Reference 
Abbott, J., 2002. An analysis of informal settlement upgrading and critique of existing methodology 
approaches. Habitat International, pp. 303-315. 
Alharthy, A. & Bethel, J., 2002. Detailed building reconstruction from airbone laser data using a moving 
surface method. s.l., s.n. 
Baatz, M. & Schäpe, M., 2000. Multiresolution segmentation – an optimization approach for high quality 
multi-scale image segmentation, . In: Strobl, J., Blaschke, T., Griesebner, G. (Eds.). Angewandte 
Geographische Informations- Verarbeitung XII. Wichmann Verlag, pp. 12-23. 
Benarchid, O. Raissouni, S. El Adib, A. Abbous, A. Azyat, N. Ben Achhab, M. Lahraoua, and A. Chahboun., 
2013. Building Extraction using Object-Based Classification and Shadow Information in Very High 
Resolution Multispectral Images, a Case Study: Tetuan, Morocco. Canadian Journal on Image 
Processing and Computer Vision . 
Bhadauria, A., Bhadauria, H. & Kumar, K., 2013. Building Extraction from Satellite Images. IOSR Journal 
of Computer Engineering, pp. 76-81. 
Bhadauria, H., Singh, A. & Kumar, A., 2013. Comparison between Various Edge Detection Methods on 
Satellite Image. International Journal of Emerging Technology and Advanced Engineering, 3(6), pp. 324-
328. 
Bolter, R. & Leberl, F., 2000. Phenomenology-based and unterferonmetry-guided building reconstruction 
from multiple SAR images. s.l., s.n., pp. 687-690. 
Burgoyne, M., 2008. Factors affecting housing delivery in South Africa: A case study of Fisantekraal 
Housing Development project. Master's thesis, Faculty of Arts and Social Sciences, Univesity of 
Stellenbosch. 
Canny, J., 1986.. A Computational Approach to Edge Detection. IEEE Transactions on Pattern Analysis and 
Machine Intelligence, Volume 8, pp. 679-714. 
Charlton, S. & Kihato, C., 2006. Reaching the poor? Ana Analysis of the influences on the evolution of 
South African's housing programme. In: Democracy and delivery: Urban policy in South Africa, pp. 252-
282. 
Cross, C., 1999. Land and security or the urban poor? South African tenure policy under pressure. 
Johannesburg, s.n., p. 27029. 
Del Mistro, R. & Hensher, A., 2009. Upgrading informal settlements in South Africa: policy, rhetoric, and 
what residents really value. Housing Studies, 24(3), p. 333–354. 
Duro, D., Franklin, S. & Dubé, M., 2012. Multi-scale object-based image analysis and feature selection of 
multi-sensor earth observation imagery using random forests. International Journal of Remote Sensing, 
pp. 4502-4526. 
Ehlers, M., Klonus, S., Åstrand, P. J. & Rosso, P., 2010. Multisensor image fusion for panshaperning in 
remote sensing. International Journal of Imaage and data Fusion, pp. 25-45. 
South African Journal of Geomatics, Vol. 7. No. 3, November 2018 
277 
Ekhtari, N., Javad Valadan Zoej, M., Reza Sahebi, M. & Mohammadzadeh, A., 2009. Automatic building 
extraction from LIDAR digital elevation models and WorldView imagery. Journal of Applied Remote 
Sensing, December .3(033571). 
Gamba, P. & Herold, M., 2010. Global mapping of human settlement: experiences, datasets and prospects. 
CRC Press. 
Gamba, P., Houshmand, B. & Saccani, M., 2000. Detection and extraction of buildings from interferometric 
SAR data. IEEE Transaction on Geoscience and Remote Sensing, pp. 611-618. 
Graham, N., 2006; Informal settlement upgrading in Cape Town: Challenges, constraints and contradictions.. 
In: Informal Settlements: A Perpetual Challenge?. Cape Town: UCT Press, pp. 231. 
Hallada, W. & Cox, S., 1983. Image sharpening for mixed spatial and spectral resolution satellite systems. 
Michigan, USA, pp. 1023–1032. 
Herold, M., 2009. Some recommendations for global effotrts in urban monitoring and assessments from 
remote sensing. In: Global Mapping of Humna Settlements , Experiences, Datasets and Prospects.. 
London, New York: CC Press, Taylor & Francis, pp. 11-23. 
Huchzermeyer, M., 2001, January. Consent and contradiction: scholarly responses to the capital subsidy 
model for informal settlement intervention in South Africa.. Urban Forum, pp. 71-106. 
Huchzermeyer, M., 2003. A legacy of control? The capital subsidy for housing, and informal settlement 
intervention in South Africa. International Journal of Urban and Regional Research, pp. 591-612. 
Huchzermeyer, M., 2009. The struggle for in situ upgrading of informal settlements: a reflection on cases in 
Gauteng, Development Southern Africa. Development Southern Africa, pp. 59-73. 
Jensen, J. & Cowen, D., 1999. Remote sensing of urban/suburban infrastructure and socio-economic 
attributes. Photogrammetric Engineering and Remote Sensing, p. 611–622. 
Jiang, N., Zhang, J., Li, H. & Lin, X., 2008. Object-oriented building extraction by DSM and very high-
resolution orthoimages. Beijing, China, s.n., pp. 441-446. 
Johnson, B. A., Tateishi, R. & Hoan, N. T., 2012. Satellite Image Pansharpening Using a Hybrid Approach 
for Object-Based Image Analysis. International journal of Geo-Information, 1(3), pp. 228-241. 
Katiyar, S. & Arun, P., 2014. Comparative analysis of common edge detection techniques in context of 
object extraction. IEEE Transactions on Geoscience and Remote Sensing, 50(11), pp. 68-79. 
Kenna, P., 2005. Housing rights and human rights. Brussels, FEANTSA. 
Koc, S. & Turker, D., 2010. Building extraction from high resolution images using Hough Transformation. 
Kyoto Japan,, pp. 1063-1068. 
Lee, S., Shan, J. & Bethel, J. S., 2003. Class-guided building extraction from IKONOS imagery. 
Photogrammetric Engineering & Remote Sensing, pp. 143-150. 
Lizarralde, G. & Massyn, M., 2008. Unexpected negative outcomes of community participation in low-cost 
housing projects in South Africa. Habitat Internationa, pp. 1-14. 
McGlone, J. & Shufelt, J., 1994. Projective and object space geometry for monocular building extraction. 
Computer Vision and Pattern Recognition,, pp. 54-61. 
Mosiane, B., 2011. Livelihoods and the transformative potential of cities: Challenges of inclusive 
development in Rustenburg, North West Province, South Africa. Singapore Journal of Tropical 
Geography, p. 38–52. 
Nikfar, M., Zoej, Mohammad, Mohammadzadeh, A., Navabi, A., 2012. Optimization of multiresolution 
segmentation by using a genetic algorithm. Journal of Applied Remote Sensing. 
Sarp, G., 2014. Spectral and spatial quality analysis of pansharpening algorithms: A case study in Istanbul. 
European Journal of Remote Sensing, 47(1), pp. 19-28. 
Shaker, I. F., Abd-Elrahman, A., Abdel-Gawad, A. K. & Sherief, M. A., 2011. Building Extraction from 
High Resolution Space Images in High Density Residential Areas in the Great Cairo Region. Remote 
Sensing, pp. 781-791. 
South African Journal of Geomatics, Vol. 7. No. 3, November 2018 
278 
Shin, M. C., Goldgof, D. B., Bowyer, K. W. & Nikiforou, S., 2001. Comparison of Edge Detection 
Algorithms Using a Structure from Motion Task. IEEE TRANSACTIONS ON SYSTEMS, MAN, AND 
CYBERNETICS, 31(4), pp. 589-601. 
Shufelt, J., 1996. Exploiting Photogrammetric Methods for Building Extraction in Aerial Images. 
International Archives of Photogrammetry and Remote Sensing, p. 74–79. 
Shyu, C., Scotta, G., Klaric, M. & Davis, C. &. P. K., 2005. Automatic object extraction from full 
Differential Morphological Profile in urban imagery for efficient object indexing and retrievals. Tempe, 
USA, s.n. 
Simonetto, E., Oriot, H. & Garello, R., 2001. Extraction of industrial buildings from sterioscopic airbone 
radar images. Toulouse, France, s.n., pp. 129-134. 
Singhal, S. & Radhika, S., 2014. Automatic Detection of Buildings from Aerial Images Using Color 
Invariant Features and Canny Edge Detection. International Journal of Engineering Trends and 
Technology , 11(8). 
Tian, J. & Chen, D. M., 2007. Optimization in multi-scale segmentation of high resolution satellite images 
for artificial feature recognition. International Journal of Remote Sensing, pp. 4625-4644. 
Tissington, K., Munshi, N., Mirugi-Mukundi, G. & Durojaye, E., 2013. ‘Jumping the Queue’,Waiting Lists 
and other Myths: Perceptions and Practice around Housing Demand and Allocation in South Africa, s.l.: 
Socio-Economic Rights Institute of South Africa. 
Toll, D. L., Royal, J. A. & Davis, J. B., 1990. Detection of Moderate Damage on Norway Spruce Using 
Landsat TM and Digital Stand Data. Urban Area Update P, pp. 681-684. 
Vijayarani, S. & Vinupriya, S., 2013. Performance Analysis of Canny and Sobel Edge Detection Algorithms 
in Image Mining. International Journal of Innovative Research in Computer and Communication 
Engineering, 1(8), pp. 1760-1767. 
Weng, Q., 2011. Remote sensing of impervious surfaces in the urban areas: Requirements, methods and 
trends. Remote Sensing of the Environment. 
Wilkinson, P., 1998. Housing polivy in South Africa. Habitat International, pp. 215-229. 
Witharana, C. & Civco, D. L., 2014. Optimizing multi-resolution segmentation scale using empirical 
methods: Exploring the sensitivity of the supervised discrepancy measure Euclidean distance 2 (ED2). 
ISPRS Journal of Photogrammetry and Remote Sensing, pp. 108-121. 
Xu, J. z., Wan, Y. c. & Yao, F., 2010. A method of 3D building boundary extraction from airbone LIDAR 
point cloud. s.l., s.n. 
Yastikli, N. & Uzar, M., 2013. Building extraction using multi sensor systems. Hannover, Germany, s.n., pp. 
379-382. 
Yong, L. & Wu, H., 2008. Adaptive building edge detection by combining LIDAR data and aerial images. 
International Archives of the Photogrammetry, Remote Sensing and Spatial Information Sciences , p. 
197–202. 
Zhao, l., Xiaoguang, Z. & Gangyao, K., 2013. Building detection from urban SAR image using building 
charcteristics and contextual information. EURASIP Journal on Advances in Signal Processing. 
 
 
